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Inflammation plays a major role in cognitive aging. Most studies on peripheral inflammation and 
cognitive aging focused on selected major inflammatory biomarkers. However, inflammatory 
markers are regulated and influenced by each other, and it is therefore important to consider a more 
comprehensive panel of markers to better capture diverse immune pathways and characterize the 
overall inflammatory profile of individuals. We explored 23 circulating inflammatory biomarkers 
using data from 1,743 participants without dementia (≥ 65 years-old) from the community-based, 
multiethnic Washington Heights Inwood Columbia Aging Project. Using principal component analysis 
(PCA), we developed six inflammatory profiles (PC-1 to PC-6) based on these 23 biomarkers and 
tested the association of resulting inflammatory profile with cognitive decline, over up to 12 years 
of follow-up. PC-1 described a pro-inflammatory profile characterized by high positive loadings for 
pro-inflammatory biomarkers. A higher PC-1 score was associated with lower baseline cognitive 
performances. No association of this profile with cognitive decline was observed in longitudinal 
analysis. However, PC-5 characterized by high PDGF-AA and RANTES was associated with a faster 
cognitive decline. Among older adults, a circulating pro-inflammatory immune profile is associated 
with lower baseline cognitive performance, and some specific pro-inflammatory cytokines might be 
associated with faster cognitive decline.
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Inflammation plays a major role in the development of Alzheimer’s disease (AD) dementia and cognitive 
aging in general1. Inflammation is part of brain defense mechanism against stressors, with microglia activation 
triggering the release or attraction of inflammatory mediators such as cytokines and free radicals to maintain 
homeostasis and ensure healthy neural functions. However, in the aging brain, prolonged chronic over-activation 
of microglia can become neurotoxic; microglia activation together with β-amyloid and tau pathologies leads to 
an exacerbated release of pro- and anti-inflammatory proteins, which might trigger neurodegeneration and 
blood brain barrier leakage, and in turn associated cognitive impairment2. Moreover, inflammatory markers can 
also promote the accumulation of AD pathology, which increase under inflammatory conditions3,4. Thus, the 
complex relationship of inflammation with brain aging can include both protective and harmful roles, and it is 
still unclear whether neuroinflammation is caused by or leads to cognitive decline5.

In addition to neuroinflammation, systemic inflammation, including peripheral inflammatory mediators, is 
also involved in neurodegeneration and AD pathogenesis6,7. Cytokines and inflammatory markers can cross the 
blood brain barrier through multiple pathways, making it feasible for circulating cytokines to enter the brain8–10. 
Circulating levels of cytokines are associated with AD diagnosis, cognitive performances, and brain structure in 
several studies, although mixed results have also been reported11–16. Most studies on circulating inflammatory 
biomarkers and brain aging outcomes investigated clinical diagnosis of dementia, rather than more subtle 
cognitive decline, and focused on one or a few major inflammatory biomarkers, mostly pro-inflammatory, such 
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as C-Reactive Protein (CRP), IL-6, or Tumor Necrosis Factor α (TNF-α)17. However, inflammatory markers are 
regulated and influenced by each other, and it is therefore important to consider a more comprehensive panel 
of inflammatory markers to better capture the overall inflammatory profile of individuals. For example, a study 
found ten inflammatory markers as a group were associated with total brain volume (TBV), but only three of 
those ten were individually associated with TBV18. In another study, chemokine-cytokine pattern of sIL4R, IL6, 
and IL8, but not individual cytokine levels, was associated with brain atrophy19. Similarly, a combination of ten 
inflammation biomarkers had a stronger association with cognitive decline than individual biomarkers20. Thus, 
to better characterize the role of systemic inflammation in cognitive aging, it is important to examine a large 
panel of circulating inflammatory markers simultaneously, characterizing diverse immune pathways and their 
association with long term cognitive decline21,22. To this end, principal component analysis (PCA), a widely used 
tool for dimensionality reduction, can be used to reduce many interrelated variables into fewer, more meaningful 
ones (i.e. latent components) while identifying the relative importance of each marker23.

In the present study, we explored 23 circulating inflammatory biomarkers using data from a community-
based, multiethnic cohort of elderly participants without dementia, the Washington Heights/Hamilton Heights 
Inwood Columbia Aging Project (WHICAP). We developed inflammatory profiles based on these 23 blood 
inflammatory biomarkers and tested the association of resulting inflammatory biomarkers profiles with cognitive 
decline.

Methods
Study population
WHICAP is an ongoing community-based study of aging and dementia including participants identified from a 
probability sample of Medicare beneficiaries residing in northern Manhattan24. Participants, older than 65 years 
and fluent in English and/or Spanish, were recruited in 3 waves, starting in 1992, 1999, and 200925,26. Participants 
completed a baseline assessment and were followed up every 18 to 24  months. At each visit, information 
about general health, medical and neurological histories were collected, functional ability was assessed, and a 
neuropsychological battery was administrated. Additionally, blood samples were collected at baseline. Diagnosis 
of dementia was based on standard research criteria using all available information at a consensus conference27.

The current analysis includes participants from the 2009 cohort (n = 2,425) for which inflammatory 
biomarkers were measured at baseline. We excluded participants with dementia at baseline (n = 159), without 
inflammatory markers’ measures or with missing data for one or more inflammatory biomarkers (n = 364), and 
with missing data for cognition (n = 159), leaving 1,743 participants included in the analysis (Supplementary 
Fig. 1).

The study protocol and all methods were approved by the Institutional Review Boards at Columbia University 
in accordance with the Declaration of Helsinki. All participants provided written informed consent.

Inflammatory biomarkers quantification
The circulating levels of inflammatory biomarkers, including interleukins, chemokines, interferons, growth 
factors, colony stimulating factors, and others were measured from blood collected at baseline. Blood samples 
were collected in BD Vacutainer Ethylenediaminetetraacetic acid (EDTA) tubes and centrifuged at 2000 g for 
15 min at room temperature and then stored at − 80 °C in polypropylene cryotubes until analysis. We selected 
a panel of 23 inflammatory biomarkers based on biological functions28, role in AD pathogenesis29, value in 
AD diagnosis and prognosis21, relationship with structural/functional neuroimaging findings15,30, and their 
genetic polymorphisms in susceptibility of AD31, availability of commercial assay kits, and capacity to be 
measured within detection limits (detected in at least 60% samples) and to displayed fair within-person temporal 
reproducibility (intraclass correlation coefficients > 0.40), as identified in a previous study32,33. Biomarkers 
were measured by the Luminex technology (MILLIPLEX MAP Human Cytokine/Chemokine Magnetic Bead 
Panel [HCYTOMAG-60 K] and High Sensitivity T Cell Panel [HSTCMAG-28SK]), except for CRP which was 
analyzed by the Integra technology. Analyses were performed according to manufacturer instructions. Samples 
with biomarker levels less than the lower limit of detection (LLOD) were assigned a value of LLOD divided by 
the square root of two, and samples with levels beyond the upper limit of detection (ULOD) were assigned with 
the ULOD value32. The 23 biomarkers meeting the above criteria to be retained for analysis integrated various 
immune response pathways and functions: 15 pro-inflammatory markers (CRP, Eotaxin, Growth Regulated 
Oncogene chemokine [GRO], IL-1β, IL-6, IL-7, IL-12p70, IL-17A, Inducible Protein 10 [IP-10], Monocyte 
Chemoattractant Protein 1 [MCP-1], Macrophage Inflammatory Protein 1β [MIP-1β], Platelet Derived Growth 
Factor AA [PDGF-AA], Regulated upon Activation Normal T-cell Expressed and Secreted [RANTES], TNF-α, 
and Vascular Endothelial Growth Factor [VEGF]); 5 anti-inflammatory markers (IL-1 Receptor Antagonist 
[IL-1RA], IL-4, IL-10, IL-13, and Macrophage Derived Chemokine [MDC]); and 3 markers that had mixed 
pro- and anti-inflammation properties (Fractalkine, Granulocyte/Macrophage Colony-Stimulating Factor [GM-
CSF], Transforming Growth Factor α [TGF-α]). For analysis, inflammatory biomarkers’ measures were log-
transformed and standardized into z-scores.

Cognitive assessment
Cognitive performance was assessed with a neuropsychological battery, administrated in English or Spanish at 
baseline and each follow-up visit25,34,35. Participants had between 1 and 6 assessments over the 12-year follow-up 
(n = 387 had 1 assessment, n = 352 had 2, n = 406 had 3, n = 448 had 4, n = 141 had 5, and n = 9 had 6 assessments). 
The performances in four cognitive domains (memory, language, processing speed, and visuospatial ability) were 
captured by neuropsychological tests which were determined and selected according to a previously published 
confirmatory factor analysis35. Memory was assessed with the immediate and delayed recalls from the Selective 
Reminding Test36 and the recognition component of the Benton Visual Retention Test37. Language score 
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combined naming (15-item Boston Naming Test)38, letter fluency (Controlled Word Association)39, category 
fluency (Boston Diagnostic Aphasia Examination)40, verbal abstract reasoning (Similarities subtest of the 
Wechsler Adult Intelligence Scale–Revised)41, and repetition and comprehension (Boston Diagnostic Aphasia 
Examination)40. Processing speed was computed using the Color Trails Test 1 and 2. Visuospatial function was 
assessed using the Rosen Drawing Test42, the matching component from the Benton Visual Retention Test37, and 
the Identities and Oddities subset of the Mattis Dementia Rating Scale43.

Individual neuropsychological tests were standardized into z-scores using baseline means and SDs. Domain-
specific scores were then computed as the mean of the individual test z-scores. The four resulting domain 
z-scores were averaged to create a composite global cognition z-score. Higher z-scores indicate better cognitive 
performance.

Covariates
Sociodemographic and lifestyle variables were derived from baseline evaluation and included age, gender, race/
ethnicity (non-Hispanic Black, Hispanic, non-Hispanic White, or other based on self-report using the format 
of the 2000 US Census)44, years of education, body mass index (in kg/m2), and smoking status (never, former, 
current). Apolipoprotein E (APOE) genotype was considered dichotomously (no ɛ4 allele versus carrying at least 
one ɛ4 allele). Presence or absence of heart disease, diabetes mellitus, and hypertension were based on self-report 
information, and clinical stroke was determined by self-reports supplemented by neurological examination 
or review of medical records. These four dichotomized vascular comorbidities were summed into a vascular 
comorbidity burden score (range, 0–4). Use of anti-inflammatory medication including aspirin and other non-
steroidal anti-inflammatory drugs was self-reported.

Statistical analysis
Construction of inflammatory biomarker profiles
We identified underlying latent inflammatory profiles in our population as the combination of 23 inflammatory 
markers by principal component analysis (PCA) with orthogonal Varimax rotation45. PCA aims to reduce 
the dimension of a dataset from multiple variables to a few uncorrelated summary variables, defined as linear 
combination of predictors, that explain as much as possible of the variance of the data; thus, increasing the 
interpretability of the data while preserving most of the information. The Varimax-rotated PCA was performed 
using the principal() function from the ‘psych’ R package. The number of profiles to be retained was determined 
by screeplot and the Kaiser Criterion (Supplementary Fig.  2). Individual PC scores were computed as the 
linear combination of all 23 biomarkers weighted by the rotated PCA component coefficients. PC scores were 
categorized into tertiles for descriptive and visual representation purposes but were used as a continuous variable 
for analyses.

Demographic and clinical characteristics of the study population
Demographic and clinical characteristics were described across the tertiles of inflammatory profile scores, 
using means and standard deviations (SD) for quantitative variables and percentages for categorical variables. 
Differences of characteristic across tertiles of inflammatory profile score were tested with chi-square test for 
categorical variables and ANOVA for continuous variables.

Association between inflammatory biomarker profiles and cognition
The association between inflammatory biomarker profiles and cognitive decline were estimated by linear mixed 
models with random intercept and slope. The models included an intercept representing cognitive scores at 
baseline, continuous inflammatory profile score, time of follow-up (with corresponding correlated individual 
random effects to evaluate individual linear cognitive trajectory), an interaction of inflammatory profile score 
with time, covariates (age, gender, race/ethnicity, APOE ɛ4, and indicator for the first cognitive assessment), and 
their interaction covariates with time. A significant interaction between inflammatory profile score and time 
would indicate a different rate in cognitive trajectory over time by inflammatory profile score.

Supplementary analysis
We performed a series of sensitivity analyses. First, in addition to the covariates in Model 1 (age, gender, race/
ethnicity, APOE ɛ4, and indicator for the first cognitive assessment to account for retest effect46), models were 
adjusted for education (a proxy for socio-economic status; Model 2), for vascular risk factors associated with 
both inflammation status and risk of cognitive decline (body mass index, smoking status, vascular comorbidity 
score; Model 3), and for all the above covariates and the use of anti-inflammatory medication (Model 4). Second, 
we tested effect modification by age, gender, race/ethnicity, and APOE ɛ4 status. Third, we explored non-linear 
trajectories for cognitive decline by using natural cubic splines for the time variable in the linear mixed model. 
Finally, we explored all 23 inflammatory biomarkers for their individual relationship with cognition. In this last 
analysis, adjustment for multiple comparison was performed by using False Discovery Rate correction.

Results
Inflammatory profiles
Most of the variance in participants’ inflammatory markers’ levels was summarized by the first six PCA 
components (explained variances: 17.1%, 16.3%, 14.0%, 6.1%, 6.0%, and 5.5%, respectively) (Supplementary 
Fig. 2 and Table 1). The first rotated PCA component (PC-1) explained the most variances of the 23 inflammatory 
biomarkers, it had positive loadings for 20 of them and displayed a meaningful interpretation in terms of 
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inflammation profiles (Table 1). Thus, in the subsequent analyses, we focused on this PC-1 and analyses for the 
other five PCs are presented in supplementary analyses.

PC-1 was predominantly defined by high positive loadings (≥ 0.30) for MIP-1β, IL-1β, IL-1RA, TNF-α, MCP-
1, IL-6, TGF-α, IP-10, and VEGF. All but one (IL-7) pro-inflammatory markers had positive loadings for PC-1, 
with moderate (0.20 to 0.30) positive loadings for GM-CSF, RANTES, and Eotaxin. Four (IL-10, IL-4, IL-13, and 
MDC) of five anti-inflammatory markers had negative and/or low loadings (-0.06 to 0.14) (Table 1). Thus, PC-1 
score could be described as generally pro-inflammatory. A higher PC-1 score indicates a more pro-inflammatory 
profile.

Characteristics of the study population
Among the 1,743 participants included, the majority were women (67%), and the mean age was 74.2 (± 6.1) 
years (Table 2). Compared to participants with more anti-inflammatory biomarker profile (i.e., low PC-1 
score), participants with more pro-inflammatory profile were older, more likely to be Hispanic, and had lower 
education level. They also tended to have higher BMI, higher vascular comorbidity scores, and took more anti-
inflammatory medications.

Inflammatory biomarker profile and cognition
Cognitive status was evaluated at baseline and over follow-up for a maximum of 12.5 years (median = 4.6 years). 
A higher PC-1 pro-inflammatory score was associated with worse cognitive performances at baseline for global 
cognition, processing speed, visuospatial functions, and language, but not memory (Table 3). Each 1-SD increase 
in PC-1 score was associated with a decrease of 0.05 SD (95% CI, -0.09; -0.02, p = 0.004) in global cognitive score, 
which was equivalent to the cognitive effect estimate for a 1-year increase in age at baseline (β = -0.05 [-0.06; 
-0.05], p < 0.001). Similarly, the effect estimates were β = -0.07 SD (-0.11; -0.03, p < 0.001) for processing speed, 
β = -0.06 (-0.10; -0.03, p = 0.001) for visuospatial functions, and β = -0.04 SD (-0.08; -0.001, p = 0.04) for language 

Inflammatory functions Biomarker PC-1 PC-2 PC-3 PC-4 PC-5 PC-6

Pro-inflammatory

MIP-1β 0.80  − 0.03  − 0.04 0.13 0.10 0.04

IL-1β 0.79 0.37 0.19 0.08 0.05  − 0.18

TNF-α 0.77 0.02 0.08 0.03 0.07 0.28

MCP-1 0.67  − 0.001  − 0.07  − 0.31 0.18  − 0.12

IL-6 0.65 0.04 0.63 0.09 0.02  − 0.10

IP-10 0.34 0.06 0.01  − 0.17  − 0.42 0.38

VEGF 0.32 0.19 0.25  − 0.003 0.29 0.40

RANTES 0.25  − 0.04  − 0.06  − 0.01 0.53  − 0.02

Eotaxin 0.20  − 0.01  − 0.02  − 0.71 0.25 0.19

GRO 0.10  − 0.02  − 0.10 0.72 0.24 0.09

IL-12p70 0.10 0.87 0.16  − 0.01  − 0.04 0.01

CRP 0.09  − 0.01  − 0.04 0.43  − 0.02 0.35

PDGF-AA 0.08  − 0.09 0.01  − 0.03 0.78 0.09

IL-17A 0.02 0.86 0.18  − 0.03  − 0.06 0.02

IL-7  − 0.10 0.78 0.14  − 0.01 0.07 0.06

Pro- and anti-inflammatory

TGF-α 0.35 0.18 0.49  − 0.08 0.12 0.39

GM-CSF 0.29 0.71 0.16 0.07  − 0.09  − 0.16

Fractalkine 0.11 0.82 0.11  − 0.05  − 0.08 0.03

Anti-inflammatory

IL-1RA 0.78 0.13 0.19  − 0.05 0.07 0.13

IL-10 0.14 0.34 0.82  − 0.03  − 0.04 0.003

IL-13 0.03 0.30 0.87  − 0.05  − 0.05  − 0.02

IL-4  − 0.01 0.10 0.93  − 0.06  − 0.04  − 0.03

MDC  − 0.06  − 0.08  − 0.07 0.07 0.003 0.68

Table 1.  Coefficients of the 23 inflammatory biomarkers for the first 6 components of the rotated Principal 
Component Analysis, WHICAP (n = 1,743). Principal Component (PC) scores were computed as the linear 
combination of the 23 inflammatory biomarkers weighted by rotated PCA coefficients. PC-1 was used for 
the main analysis. It explained 17.1% of the variance of all biomarkers and identified a pro-inflammatory 
profile with positive loadings for 20 out of 23 markers and specifically high loadings for pro-inflammatory 
biomarkers (e.g., MIP-1β, IL-1β, TNF-α, MCP-1, and IL-6). Markers with moderate to high contribution to 
PCs (coefficients >|0.20|) are indicated in bold. PC-2 explained 16.3% of the variance of all biomarkers; PC-3, 
14.0%; PC-4, 6.1%; PC-5, 6.0%; and PC-6, 5.5%. Inflammatory biomarkers are classified based on their main 
functions reported in the literature: pro-inflammatory, anti-inflammatory, or both pro- and anti-inflammatory 
for biomarkers exhibiting both properties depending on the context of their expression and the cellular 
environment.
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score. Longitudinally, PC-1 pro-inflammatory score was not associated with cognitive decline in any cognitive 
domains (all p-values for PC-1 score-by-time interaction terms > 0.05; Table 3).

Sensitivity analyses
The associations of higher PC-1 pro-inflammatory score with lower cognition at baseline were robust to 
adjustment for vascular risk factors and use of anti-inflammatory medication (Supplementary Fig. 3). There 
was an association with baseline processing speed in all models (β = -0.05 SD [-0.09; -0.01] in fully adjusted 
model), but associations with global cognition, visuospatial function, and language were attenuated and no 
longer significant after adjustment for education.

Testing the interactions of PC-1 score with age, gender, race/ethnicity, and APOEɛ4 status on baseline cognition, 
we found moderation effects by gender for global cognition and processing speed (p for interaction < 0.04), 
by race/ethnicity for language (p for interactions < 0.03), and by APOE ɛ4 status for visuospatial functions (p 
for interaction = 0.04). In stratified analyses, PC-1 scores were associated with baseline performances in global 
cognition, processing speed, and language among women only (Supplementary Fig. 4); with lower scores in 
global cognition, processing speed, and visuospatial functions for Hispanic participants only, with language for 
Non-Hispanic White participants only, but no association was observed for Non-Hispanic Black participants 
(Supplementary Fig. 5). For APOE ɛ4 status, stronger effects were observed for ε4 carriers compared with non-
carriers, although baseline associations with global cognition, processing speed, and visuospatial functions 
remained significant for both groups (Supplementary Fig. 6).

Considering nonlinear trajectories of cognitive decline with time approximated by natural cubic splines (two 
internal knots placed at tertiles of measurements times) did not modify the results and the cognitive trajectories 
were not significantly different by PC-1 score.

Other inflammatory biomarker profiles and cognition
Analyses for PCs 2 to 6 are presented in Supplementary Fig. 7. None of the PC scores were associated with 
cognitive performances at baseline, but higher PC-5 score was associated with greater cognitive decline in global 

Total Population

PC-1 score categories

T1 (n = 581) T2 (n = 581) T3 (n = 581) P-values

Age, mean (SD) 74.2 (6.1) 72.3 (5.4) 73.9 (5.9) 76.4 (6.3)  < 0.001

Female, n (%) 1161 (66.6) 397 (68.3) 388 (66.8) 376 (64.7) 0.42

Education (years), mean (SD) 11.3 (5.1) 12.6 (4.6) 11.6 (5.1) 9.7 (5.1)  < 0.001

Race/Ethnicity, n (%)  < 0.001

 Hispanic 839 (48.1) 209 (36.0) 264 (45.4) 366 (63.0)

 Non-Hispanic Black 478 (27.4) 194 (33.4) 167 (28.7) 117 (20.1)

 Non-Hispanic White 396 (22.7) 167 (28.7) 134 (23.1) 95 (16.4)

 Others 30 (1.7) 11 (1.9) 16 (2.8) 3 (0.5)

APOE ɛ4 carrier, n (%) 458 (26.3) 154 (26.5) 168 (28.9) 136 (23.4) 0.10

BMI (kg/m2), mean (SD) 28.0 (4.4) 27.5 (4.4) 28.1 (4.3) 28.6 (4.5)  < 0.001

Smoking status, n (%) 0.02

 Never 910 (52.2) 299 (51.5) 283 (48.7) 328 (56.5)

 Former 702 (40.3) 229 (39.4) 261 (44.9) 212 (36.5)

 Current 131 (7.5) 53 (9.1) 37 (6.4) 41 (7.1)

Diabetes, n (%) 584 (33.5) 172 (29.6) 195 (33.6) 217 (37.3) 0.02

Hypertension, n (%) 1461 (83.8) 467 (80.4) 483 (83.1) 511 (88.0) 0.002

Stroke, n (%) 91 (5.3) 26 (4.5) 32 (5.6) 33 (5.7) 0.61

Heart diseases, n (%) 656 (37.6) 199 (34.3) 221 (38.0) 236 (40.6) 0.08

Vascular comorbidity score, mean (SD) 1.60 (0.95) 1.49 (0.96) 1.60 (0.99) 1.72 (0.89)  < 0.001

Anti-inflammatory medication, n (%) 790 (45.3) 225 (38.7) 270 (46.5) 295 (50.8)  < 0.001

Global cognition composite score (range, -3.5; 1.7), mean (SD) 0.00 (0.84) 0.27 (0.75) 0.03 (0.84)  − 0.29 (0.82)  < 0.001

Memory composite score (range, -2.3; 2.0), mean (SD) 0.36 (0.74) 0.50 (0.74) 0.36 (0.77) 0.20 (0.68)  < 0.001

Processing speed composite score (range, -4.0; 2.0), mean (SD) 0.28 (1.11) 0.61 (0.87) 0.34 (1.09)  − 0.10 (1.23)  < 0.001

Visuospatial functions composite score (range, -2.3; 1.4), mean (SD) 0.42 (0.58) 0.60 (0.51) 0.42 (0.58) 0.23 (0.58)  < 0.001

Language composite score (range, -2.1; 3.3), mean (SD) 0.43 (0.67) 0.61 (0.64) 0.46 (0.68) 0.23 (0.64)  < 0.001

Table 2.  Participants’ characteristics, WHICAP (n = 1,743). APOEɛ4, ɛ4 allele of the apolipoprotein E gene; 
BMI, body mass index; PC-1, principal component 1; SD, standard deviation; T1-3, tertiles 1 to 3. Categories 
of PC-1 pro-inflammatory score are defined by tertiles of score, from least pro-inflammatory (T1) to most pro-
inflammatory (T3). Means and percentages are of non-missing values. Missing values: 12.3% for BMI, 0.6% for 
stroke and vascular comorbidities score, and 0.3% for education level. P-values estimates by chi-square test for 
categorical variables and ANOVA for continuous variables.
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cognition, memory, and visuospatial function (β = -0.01, 95%CI = [-0.01; -0.002]; -0.01 [-0.02; -0.003]; and -0.01 
[-0.02; -0.003], respectively) (Table 3). PC-5 was characterized by high-to-moderate positive loadings for several 
pro-inflammatory markers (PDGF-AA [0.78], RANTES [0.53], VEGF [0.29], Eotaxin [0.25], and GRO [0.24]) 
and negative loading (-0.42) for only one pro-inflammatory marker IP-10, while none of the anti-inflammatory 
or mixed function biomarkers played key roles in PC-5 (Table 1).

Exploratory analyses on individual inflammatory biomarkers and cognition
Results of the associations between the 23 individual inflammatory biomarkers and baseline cognitive 
performances are presented in Fig.  1A. A higher circulating level of CRP, a well-known pro-inflammatory 
marker, was associated with lower scores in global cognition, processing speed, visuospatial functions, and 
language. Moreover, for three pro-inflammatory biomarkers with high positive loading on PC-1 (i.e. MIP-1β 
[FRD-corrected p < 0.05], TNF-α, and MCP-1), as well as GRO and IP-10, higher levels were associated with 
lower baseline cognition. GM-CSF, which had high positive loading on PC-1 was associated with higher 
baseline memory. IL-1RA, an anti-inflammatory marker with high positive loading on PC-1 (0.78), also showed 
associations with lower baseline cognition.

For cognitive change over follow-up, higher levels of CRP were associated with faster decline in global 
cognition and visuospatial function. Higher levels of VEGF were associated with faster decline in global cognition 
and memory. Higher MCP-1 levels were associated with slower decline in visuospatial functions (FDR-corrected 
p < 0.05) (Fig. 1B).

Only associations of MIP-1β with baseline visuospatial and processing speed performances, and of MCP-1 
with visuospatial decline remained significant after FDR correction.

Discussion
We analyzed data from the large multi-ethnic population-based WHICAP cohort to evaluate the relationship of 
23 circulating inflammatory biomarkers with cognition. We found that a higher PCA-defined pro-inflammatory 
biomarker profile score, and higher circulating levels of its key drivers (MIP-1β, TNF-α, and MCP-1) were 
associated with lower baseline cognitive performances in global cognition, visuospatial functions, processing 
speed, and language. The effect size observed for a 1-SD increase in PC-1 pro-inflammatory profile was equivalent 
to approximately 1 year of aging. The associations were robust to adjustment for demographic characteristics, 
vascular risk factors and use of anti-inflammatory medication, and attenuated by adjustment for education. 
We found the pro-inflammatory PC-1 was not associated with cognitive decline over 12  years of follow-up. 
However, another pro-inflammatory PC-5, characterized by high levels of PDGF-AA for vascular permeability 
and RANTES for regulating immune cell migration47,48, and individual markers VEGF and CRP were associated 
with a faster decline in global cognition.

Baseline cognitive 
performances Cognitive change

β [95%CI] P-value β [95%CI] P-value

PC-1 score

 Global cognition  − 0.05 [− 0.09; − 0.02] 0.004 0.001 [− 0.004; 0.01] 0.71

 Memory  − 0.01 [− 0.05; 0.03] 0.69 0.0003 [− 0.01; 0.01] 0.94

 Processing speed  − 0.07 [− 0.11; − 0.03]  < 0.001  − 0.001 [− 0.007; 0.01] 0.82

 Visuospatial 
function  − 0.06 [− 0.10; − 0.03] 0.001 0.004 [− 0.003; 0.01] 0.25

 Language  − 0.04 [− 0.08; − 0.001] 0.04 0.003 [− 0.002; 0.01] 0.25

PC − 5 score

 Global cognition  − 0.03 [− 0.06; 0.01] 0.14  − 0.01 [− 0.01; − 0.002] 0.004

 Memory  − 0.02 [− 0.06; 0.02] 0.43  − 0.01 [− 0.02; − 0.003] 0.01

 Processing speed  − 0.03 [− 0.07; 0.005] 0.09  − 0.002 [− 0.01; 0.004] 0.54

 Visuospatial 
function  − 0.01 [− 0.05; 0.03] 0.55  − 0.01 [− 0.02; − 0.003] 0.01

 Language  − 0.03 [− 0.06; 0.01] 0.16  − 0.001 [− 0.01; 0.004] 0.70

Table 3.  Associations of PC-1 and PC-5 scores with cognition, estimated by linear mixed models, WHICAP 
(n = 1,743). The table presents the β coefficients and 95% confidence intervals for the associations of 
continuous PC-1 and PC-5 scores with cognitive z-scores at baseline and cognitive decline over the 12-year 
follow-up. The trajectories of change in cognition were estimated using linear mixed models across up to 6 
repeated neurocognitive examinations. Models consider a linear function of time, with corresponding random 
effect, and include an intercept representing the cognitive z-score at baseline (and corresponding random 
effect), PC-1 pro-inflammatory score or PC-5 score (continuous, standardized), covariates (age, gender, 
race/ethnicity, status for ɛ4 allele of the apolipoprotein E [APOEɛ4] gene, and indicator for first cognitive 
assessment), and their interactions with time. The estimate for baseline association is the coefficient for the 
PC-1 pro-inflammatory score or PC-5 variable term; and the estimate for cognitive decline is the coefficient for 
the PC-1 or PC-5 score-by-time interaction term. Effect estimates are reported for 1-SD increase in PC scores.
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There is substantial evidence that peripheral inflammation plays a role in cognitive aging1,2,8–10. However, 
the relationship is complex, with both protective and detrimental roles of inflammation, and an unclear 
directionality as to whether neuroinflammation is caused by or leads to cognitive decline5. Our results reflect 
previous findings of associations of elevated levels of key inflammatory factors, such as CRP or TNF-α, and lower 
cognitive functions13,17,49–51.

There are several biological pathways that could potentially explain the association of these inflammatory 
markers with cognition. CRP is associated with changes in the expression of adhesion molecules promoting 
disruption of the endothelium and development of atherosclerosis, leading to vascular dysfunction and neuronal 
damage52,53. We also found association with cognition in VEGF as well as a few less studied chemokines (MCP-1, 
MIP-1β, IP-10, GRO, GM-CSF, and RANTES), which play an important role in recruiting microglia, astrocytes, 
and other immune cells. VEGF plays a major role in vascular permeability and blood–brain barrier integrity 
by regulating blood vessel growth and astrocytes migration54. MCP-1 regulates inflammatory processes by 
modulating endothelial activation and monocyte chemotaxis55. MIP-1β has a coordinating role in the immune 
response by acting as a chemoattractant for multiple immune cells, including macrophages, T cells, and 
dendritic cells56. IP-10 acts as a chemoattractant for activated T cells57. GRO is involved in the recruitment and 
activation of neutrophils58. RANTES is highly expressed in microglia and is involved in immune response but 
also neurotransmission and neuroplasticity59.

Beyond well studied CRP, IL-6 and TNF-α, literature on other chemokines is sparser and mainly focus on 
clinically defined AD or mild cognitive impairment (MCI). The current literature on inflammatory biomarkers 
and cognition has been inconsistent, with some studies suggesting that the associations of chemokines with 
cognition might differ according to disease stage. For example, higher levels of circulating MCP-1 have been 
observed in participants with AD compared to participants with MCI and healthy controls, and in severe AD 
compared to mild-to-moderate AD. In this same study of 496 participants recruited from outpatient general 
clinics, higher MCP-1 was associated with faster decline in MMSE60. While a study of 720 participants of the 
AddNeuroMed study reported higher MCP-1 levels in MCI participants compared to healthy control or AD 

Fig. 1.  Associations of 23 inflammatory biomarkers with cognition, estimated by linear mixed models, 
WHICAP (n = 1743). The figure displays the effect estimates for the associations of continuous inflammatory 
biomarkers with cognitive z-scores at baseline (Panel A) and cognitive decline (Panel B) over the 12-year 
follow-up. The trajectories of change in cognition were estimated using linear mixed models across up to 6 
repeated neurocognitive examinations. Models consider a linear function of time, with corresponding random 
effect, and include an intercept representing the cognitive z-score at baseline (and corresponding random 
effect), inflammatory markers (continuous, log-transformed and standardized), covariates (age, gender, 
race/ethnicity, status for ɛ4 allele of the apolipoprotein E gene, and indicator for first cognitive assessment), 
and their interactions with time. The estimate for baseline association (Panel A) is the coefficient for the 
inflammatory markers variable term; and the estimate for cognitive decline (Panel B) is the coefficient for the 
biomarker-by-time interaction term. Effect estimates (β coefficients and 95% confidence intervals) are reported 
for 1-SD increase in log-transformed biomarker value. Significant associations are indicated by an asterisk: 
* for p-value < 0.05, ** for p-value < 0.01, and *** for p-value < 0.05 after False Discovery Rate correction for 
multiple testing.
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participants61. In contrast, another study of 290 women reported lower levels of serum MCP-1 in MCI compared 
to health controls, but no difference of serum MCP-1 between AD and healthy controls62, and another did 
not find any association (n = 472)63. Other studies with smaller sample sizes also reported mixed results12,64. 
Similar inconsistent results were reported for other inflammatory markers. For example, lower levels of MIP-
1β, RANTES, and VEGF were observed in moderate AD compared to controls in one small case–control study 
(n = 50)64. In another study of 290 elderly women, while there were lower levels of MIP-1β in participants with 
MCI compared to controls, there were higher levels of MIP-1β, GRO, and IP-10 in participants with dementia 
relative to controls62. However, these studies were relatively small, with cross-sectional or case–control design, 
and evaluated clinical diagnosis rather than cognitive performance and decline. The inconsistent results might be 
due to differences in population demographics (e.g. population-based cohort or patients from memory clinics), 
disease ascertainment process or stage, or cytokine measurements. Other cytokines show promising results 
treatment trials. For example, sargramostim, a recombinant human GM-CSF, has been found to be efficacious 
in animal and human studies of AD65. Thus, our study provides important evidence and support to investigate 
novel inflammatory biomarkers in future pharmaceutical interventions.

Overall, the literature on individual inflammatory biomarkers and dementia status or cognition reports 
conflicting associations and is limited for older adults without dementia. Our results add to previous research on 
associations of specific markers of inflammation with cognitive outcomes in clinically healthy older adults and 
go further by examining a more comprehensive selection of inflammatory markers. The described associations 
of several individual biomarkers with cognitive performances suggest the involvement of multiple immune 
pathways. As cytokines are regulated and influenced by each other, approaches combining biomarkers that affect 
multiple pathways simultaneously, such as our PCA-defined pro-inflammatory profile, may better reflect overall 
inflammatory patterns of an individual and better inform on the role of inflammation in cognitive aging.

As previously described, the close link between peripheral inflammation and brain aging is largely agreed 
upon, but the relationship between the two processes is complex and the direction not straightforward. On 
the one hand, circulating inflammatory biomarkers may contribute to neurotoxicity by crossing and increasing 
trafficking across the blood–brain barrier8–10. Inflammatory markers interacting with the central nervous system 
can influence brain aging, either directly or by triggering activation of the microglia and astrocytes to release 
pro-inflammatory molecules. On the other hand, the increase of circulating biomarkers of inflammation can 
be the consequence of the release of cytokines into the peripheral following inflammatory responses to early 
brain pathology. Our results, showing an association of baseline pro-inflammatory biomarker profile PC-1 
and its key components with baseline cognitive performance but an absence of longitudinal association with 
cognitive decline over follow-up, is more consistent with the latter possibility. However, we also found PC-
5, with major components including VEGF and PDGF-AA47, both involved in vascular permeability, and 
RANTES48, a chemokine that regulates immune cell migration, to be related with cognitive decline, supporting 
the first pathway. Therefore, the exact pathways might differ depending on the inflammatory marker involved. 
For example, in our study, several key contributors for PC-1 (MIP-1β, TNF-α, MCP-1, IP-10, IL-1RA, GM-
CSF) were significantly associated baseline cognition but not cognitive decline, suggesting these inflammatory 
biomarkers either play important roles in accumulative chronic systemic inflammation or are responsive to early 
pathological changes, or both. In contrast, VEGF, a major component of PC-5 showed association with cognitive 
decline and thus may contribute to the development of AD. Future longitudinal studies including repeated 
measurement of biomarkers over time and examination of inflammatory biomarkers with brain pathology would 
improve our understanding of the temporality and directionality of the association of peripheral inflammation 
with cognitive aging.

Our study has several strengths, including a large population-based sample with longitudinal assessment of 
cognition over 12 years. Moreover, our cohort consider multiple ethnic groups, including White but also Black and 
Hispanic participants, and is thus likely to be more generalizable to the increasingly diverse US population. We 
identified a stronger association of a pro-inflammatory biomarker profile with worse cognition among Hispanic 
and Non-Hispanic White participants but not among Non-Hispanic Black participants. These differences among 
ethnic groups could be due to sample size (Hispanic participants representing 48.1% of the study population) 
but should be further investigated. We also identified modification effect by APOE ɛ4, which had been shown 
to play an important role in modulating the immune response, either by disruption of lipid transport into the 
brain inducing chronic inflammation, by impairment of glucose metabolism, or by altering phagocytic abilities 
of glial cells2. Although only significant for visuospatial functions, we found a stronger association among APOE 
ɛ4 carrier than non-carriers, which is consistent with current literature pointing to a stronger association of 
inflammation with cognition in ε4 carriers51,66,67. Further research is needed to fully understand the differential 
effects of inflammation on cognition based on APOE genotype. Clarifying this relationship could have important 
implications for developing targeted interventions and therapies for individuals at higher risk of cognitive decline 
due to their APOE genotype. Last, our results were robust to adjustment for multiple potential confounders, 
including use of anti-inflammatory medication, BMI, and vascular risk factor, suggesting that the association of 
peripheral inflammation with cognitive aging goes beyond the role of inflammation on vascular health68.

We acknowledge some limitations. First, our single-time measurement of inflammatory biomarkers may not 
properly represent the long-term average circulating levels of an individual. However, we selected inflammatory 
biomarkers with good temporal reproducibility33, including among a sample of the participants included in our 
analysis32. Second, although we selected a greater number of biomarkers than most studies, we did not considered 
some inflammatory markers with poor reproducibility and detectability. Including a larger panel of cytokines 
might help to better describe the role of inflammation in cognitive aging. Third, the proportion of variance 
explained by or first PC was modest (17.1%). Previous studies suggest that in healthy older adults, the main 
principal components can typically capture 50–65% of the total cytokine variations69,70. The modest variation 
explained by the main components in our study may be due to several reasons: (1) the diverse racial/ethnic, 
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educational, lifestyle, and socioeconomic background of our population may lead to an overall larger variance 
of cytokines than in more homogenous populations; (2) the amount of variation captured by the principal 
components may decrease with increased number of cytokines included. Thus, although our PCs explained a 
modest variance of the cytokines, these patterns are still important for their associations with cognition. Fourth, 
while we adjusted for many potential confounders, including age, vascular disease and use of anti-inflammatory 
medication, residual confounding from other factors, such as use of other medications like anti-cholinergic 
drugs71 or presence of other chronic conditions, might remain. Last, as mentioned above, we only measured 
inflammation at baseline. Longitudinal change of markers could potentially help further clarify the temporal 
relationship between inflammatory biomarkers and cognitive aging.

In our study of multi-ethnic elderly participants, a circulating pro-inflammatory immune profile is associated 
with lower baseline cognitive performances but not cognitive decline. Our results suggest that the increase of 
circulating biomarkers of pro-inflammation might be a consequence of the release of inflammatory biomarkers 
following brain pathology. Studies investigating the longitudinal relationship of circulating inflammation with 
cognition as well as biomarkers for brain pathology are needed to better understand of the temporality and 
directionality of the association of peripheral inflammation with cognitive aging.

Data availability
The data that support the findings of this study will be made available from the corresponding author Dr. Yian 
Gu (yg2121@cumc.columbia.edu) upon reasonable request and with permission of the WHICAP Study Com-
mittee.

Received: 11 September 2024; Accepted: 9 January 2025

References
	 1.	 Heneka, M. T. et al. Neuroinflammation in Alzheimer’s disease. Lancet Neurol. 14, 388–405 (2015).
	 2.	 Zhang, W., Xiao, D., Mao, Q. & Xia, H. Role of neuroinflammation in neurodegeneration development. Signal Transduct. Target 

Ther. 8, 267 (2023).
	 3.	 Yoshiyama, Y. et al. Synapse Loss and Microglial Activation Precede Tangles in a P301S Tauopathy Mouse Model. Neuron 53, 

337–351 (2007).
	 4.	 Guo, J.-T., Yu, J., Grass, D., de Beer, F. C. & Kindy, M. S. Inflammation-dependent cerebral deposition of serum amyloid a protein 

in a mouse model of amyloidosis. J. Neurosci. 22, 5900–5909 (2002).
	 5.	 Calsolaro, V. & Edison, P. Neuroinflammation in Alzheimer’s disease: Current evidence and future directions. Alzheimer’s Dement. 

12, 719–732 (2016).
	 6.	 Perry, V. H. Contribution of systemic inflammation to chronic neurodegeneration. Acta Neuropathol. 120, 277–286 (2010).
	 7.	 Dantzer, R., O’Connor, J. C., Freund, G. G., Johnson, R. W. & Kelley, K. W. From inflammation to sickness and depression: When 

the immune system subjugates the brain. Nat. Rev. Neurosci. 9, 46–56 (2008).
	 8.	 Xie, J., Van Hoecke, L. & Vandenbroucke, R. E. The impact of systemic inflammation on Alzheimer’s disease pathology. Front. 

Immunol. 12, 796867 (2021).
	 9.	 Paouri, E. & Georgopoulos, S. Systemic and CNS inflammation crosstalk: Implications for Alzheimer’s disease. Curr. Alzheimer 

Res. 16, 559–574 (2019).
	10.	 Kempuraj, D. et al. Neuroinflammation induces neurodegeneration. J. Neurol. Neurosurg. Spine 1, 1003 (2016).
	11.	 Ng, A. et al. IL-1β, IL-6, TNF- α and CRP in elderly patients with depression or Alzheimer’s disease: Systematic review and meta-

analysis. Sci. Rep. 8, 12050 (2018).
	12.	 Zhou, F., Sun, Y., Xie, X. & Zhao, Y. Blood and CSF chemokines in Alzheimer’s disease and mild cognitive impairment: A systematic 

review and meta-analysis. Alzheimer’s Res. Ther. 15, 107 (2023).
	13.	 Feng, L., Wang, Y., Zeng, D., Wang, M. & Duan, X. Predictors of cognitive decline in older individuals without dementia: An 

updated meta-analysis. Ann. Clin. Transl. Neurol. 10, 497–506 (2023).
	14.	 Elkind, M. S. V. et al. Immune markers are associated with cognitive performance in a multiethnic cohort: The Northern Manhattan 

Study. Brain Behav. Immun. 97, 186–192 (2021).
	15.	 Gu, Y. et al. Circulating inflammatory biomarkers in relation to brain structural measurements in a non-demented elderly 

population. Brain Behav. Immun. 65, 150–160 (2017).
	16.	 Gu, Y. et al. Circulating inflammatory biomarkers are related to cerebrovascular disease in older adults. Neurol. Neuroimmunol. 

Neuroinflamm. 6, e521 (2019).
	17.	 Fard, M. T., Savage, K. M. & Stough, C. K. Peripheral inflammation marker relationships to cognition in healthy older adults—A 

systematic review. Psychoneuroendocrinology 144, 105870 (2022).
	18.	 Jefferson, A. L. et al. Inflammatory biomarkers are associated with total brain volume: The Framingham Heart Study. Neurology 68, 

1032–1038 (2007).
	19.	 Baune, B. T., Ponath, G., Rothermundt, M., Roesler, A. & Berger, K. Association between cytokines and cerebral MRI changes in 

the aging brain. J. Geriatr. Psychiatry Neurol. 22, 23–34 (2009).
	20.	 Chi, G. C. et al. Inflammatory biomarkers predict domain-specific cognitive decline in older adults. J. Gerontol. Ser. A 72, 796–803 

(2017).
	21.	 Bagyinszky, E. et al. Role of inflammatory molecules in the Alzheimer’s disease progression and diagnosis. J. Neurol. Sci. 376, 

242–254 (2017).
	22.	 Gu, Y. Chapter 47—Diet, inflammation, and neurocognitive aging. In Factors Affecting Neurological Aging (eds Martin, C. R. et al.) 

545–552 (Academic Press, 2021).
	23.	 Kumar, R. G., Rubin, J. E., Berger, R. P., Kochanek, P. M. & Wagner, A. K. Principal components derived from CSF inflammatory 

profiles predict outcome in survivors after severe traumatic brain injury. Brain Behav. Immunity. 53, 183 (2015).
	24.	 Tang, M. X. et al. Incidence of AD in African-Americans, Caribbean Hispanics, and Caucasians in northern Manhattan. Neurology 

56, 49–56 (2001).
	25.	 Manly, J. J. et al. Implementing diagnostic criteria and estimating frequency of mild cognitive impairment in an urban community. 

Arch. Neurol. 62, 1739–1746 (2005).
	26.	 Ogino, E., Manly, J. J., Schupf, N., Mayeux, R. & Gu, Y. Current and past leisure time physical activity in relation to risk of 

Alzheimer’s disease in older adults. Alzheimer’s Dement. 15, 1603–1611 (2019).
	27.	 American Psychiatric Association. DSM-IV: Diagnostic and Statistical Manual of Mental Disorders 4th edn. (American Psychiatric 

Association, 1994).

Scientific Reports |         (2025) 15:2265 9| https://doi.org/10.1038/s41598-025-86309-z

www.nature.com/scientificreports/

http://www.nature.com/scientificreports


	28.	 Sochocka, M., Diniz, B. S. & Leszek, J. Inflammatory response in the CNS: Friend or foe?. Mol. Neurobiol. 54, 8071–8089 (2017).
	29.	 Rubio-Perez, J. M. & Morillas-Ruiz, J. M. A review: Inflammatory process in Alzheimer’s disease, role of cytokines. 

ScientificWorldJournal 2012, 756357 (2012).
	30.	 Frodl, T. & Amico, F. Is there an association between peripheral immune markers and structural/functional neuroimaging 

findings?. Prog. Neuropsychopharmacol. Biol. Psychiatry 48, 295–303 (2014).
	31.	 Su, F., Bai, F. & Zhang, Z. Inflammatory cytokines and Alzheimer’s disease: A review from the perspective of genetic polymorphisms. 

Neurosci. Bull. 32, 469–480 (2016).
	32.	 Guo, J., Schupf, N., Mayeux, R. P. & Gu, Y. Reproducibility of serum cytokines in an elderly population. Immunity Ageing 17, 29 

(2020).
	33.	 Gu, Y. et al. Reproducibility of serum cytokines and growth factors. Cytokine 45, 44–49 (2009).
	34.	 Stern, Y. et al. Diagnosis of dementia in a heterogeneous population: Development of a neuropsychological paradigm-based 

diagnosis of dementia and quantified correction for the effects of education. Arch. Neurol. 49, 453–460 (1992).
	35.	 Siedlecki, K. L. et al. Do neuropsychological tests have the same meaning in Spanish speakers as they do in English speakers?. 

Neuropsychology 24, 402–411 (2010).
	36.	 Buschke, H. & Fuld, P. A. Evaluating storage, retention, and retrieval in disordered memory and learning. Neurology 24, 1019–1025 

(1974).
	37.	 Benton, A. L. The Visual Retention Test (The Psychological Corporation, 1955).
	38.	 Kaplan, E., Goodglass, H. & Weintraub, S. Boston Naming Test (Lea & Febiger, 1983).
	39.	 Benton, A. L. & Hamsher, Kd. Multilingual Aphasia Examination (University of Iowa, 1976).
	40.	 Goodglass, H. & Kaplan, E. The Assessment of Aphasia and Related Disorders 2nd edn. (Lea & Febiger, 1983).
	41.	 Wechsler, D. Wechsler Adult Intelligence Scale-Revised (The Psychological Corporation, 1981).
	42.	 Rosen W. The Rosen Drawing Test. Bronx, NY: Veterans Administration Medical Center. (1981).
	43.	 Mattis, S. Mental status examination for organic mental syndrome in the elderly patient. In Mental Status Examination for Organic 

Mental Syndrome in the Elderly Patient (eds Bellak, L. & Karasu, T. B.) 77–121 (Grune & Stratton, 1976).
	44.	 US Bureau of the Census. Census 2000 Summary File 1 Technical Documentation (Bureau of the Census, 2001).
	45.	 Kaiser, H. F. The varimax criterion for analytic rotation in factor analysis. Psychometrika 23, 187–200 (1958).
	46.	 Wilson, R. S., Li, Y., Bienias, J. L. & Bennett, D. A. Cognitive decline in old age: Separating retest effects from the effects of growing 

older. Psychol. Aging 21, 774–789 (2006).
	47.	 Lv, W., Jiang, X. & Zhang, Y. The role of platelets in the blood-brain barrier during brain pathology. Front. Cell Neurosci. 17, 

1298314 (2023).
	48.	 Vacinova, G. et al. Regulated upon activation, normal T cell expressed and secreted (RANTES) levels in the peripheral blood of 

patients with Alzheimer’s disease. Neural Regen. Res. 16, 796–800 (2021).
	49.	 Leonardo, S. & Fregni, F. Association of inflammation and cognition in the elderly: A systematic review and meta-analysis. Front. 

Aging Neurosci. 15, 1069439 (2023).
	50.	 Long, S. et al. Peripheral high levels of CRP predict progression from normal cognition to dementia: A systematic review and meta-

analysis. J. Clin. Neurosci. 107, 54–63 (2023).
	51.	 Noble, J. M. et al. Association of C-reactive protein with cognitive impairment. Arch. Neurol. 67, 87–92 (2010).
	52.	 Kuhlmann, C. R. W. et al. Mechanisms of C-reactive protein-induced blood-brain barrier disruption. Stroke 40, 1458–1466 (2009).
	53.	 Zhang, J., Rui, Y.-C., Yang, P.-Y., Lu, L. & Li, T.-J. C-reactive protein induced expression of adhesion molecules in cultured cerebral 

microvascular endothelial cells. Life Sci. 78, 2983–2988 (2006).
	54.	 Wuestefeld, R., Chen, J., Meller, K., Brand-Saberi, B. & Theiss, C. Impact of vegf on astrocytes: Analysis of gap junctional 

intercellular communication, proliferation, and motility. Glia 60, 936–947 (2012).
	55.	 Elsaafien, K., Korim, W. S., Setiadi, A., May, C. N. & Yao, S. T. Chemoattraction and recruitment of activated immune cells, central 

autonomic control, and blood pressure regulation. Front. Physiol. Front. https://doi.org/10.3389/fphys.2019.00984 (2019).
	56.	 Menten, P., Wuyts, A. & Van Damme, J. Macrophage inflammatory protein-1. Cytokine Growth Factor Rev. 13, 455–481 (2002).
	57.	 Loetscher, M. et al. Chemokine receptor specific for IP10 and mig: Structure, function, and expression in activated T-lymphocytes. 

J. Exp. Med. 184, 963–969 (1996).
	58.	 Sager, R., Haskill, S., Anisowicz, A., Trask, D. & Pike, M. C. GRO: A novel chemotactic cytokine. Adv. Exp. Med. Biol. 305, 73–77 

(1991).
	59.	 Ma, W. et al. The intricate role of CCL5/CCR5 axis in Alzheimer disease. J. Neuropathol. Exp. Neurol. 82, 894–900 (2023).
	60.	 Lee, W.-J. et al. Plasma MCP-1 and cognitive decline in patients with Alzheimer’s disease and mild cognitive impairment: A two-

year follow-up study. Sci. Rep. 8, 1280 (2018).
	61.	 Morgan, A. R. et al. Inflammatory biomarkers in Alzheimer’s disease plasma. Alzheimers Dement. 15, 776–787 (2019).
	62.	 Zorkina, Y. et al. Inflammatory biomarkers and lipid metabolism parameters in women with mild cognitive impairment and 

dementia. Women Health 63, 285–295 (2023).
	63.	 Fenoglio, C. et al. MCP-1 in Alzheimer’s disease patients: A-2518G polymorphism and serum levels. Neurobiol. Aging 25, 1169–

1173 (2004).
	64.	 Koca, S. et al. Decreased levels of cytokines implicate altered immune response in plasma of moderate-stage Alzheimer’s disease 

patients. Neurosci. Lett. 786, 136799 (2022).
	65.	 Potter, H. et al. Safety and efficacy of sargramostim (GM-CSF) in the treatment of Alzheimer’s disease. Alzheimers Dement. (N Y). 

7, e12158 (2021).
	66.	 He, M. et al. The roles of apolipoprotein E ε4 on neuropathology and neuroinflammation in patients with Alzheimer’s disease. CNS 

Neurosci. Ther. 30, e14440 (2024).
	67.	 Tzioras, M., Davies, C., Newman, A., Jackson, R. & Spires-Jones, T. Invited Review: APOE at the interface of inflammation, 

neurodegeneration and pathological protein spread in Alzheimer’s disease. Neuropathol. Appl. Neurobiol. 45, 327 (2018).
	68.	 Michaud, M. et al. Proinflammatory cytokines, aging, and age-related diseases. J. Am. Med. Direct. Assoc. 14, 877–882 (2013).
	69.	 Sato, T., Takeuchi, M., Karasawa, Y., Takayama, K. & Enoki, T. Comprehensive expression patterns of inflammatory cytokines in 

aqueous humor of patients with neovascular age-related macular degeneration. Sci. Rep. 9, 19447 (2019).
	70.	 Langer, K., Cohen, R. A., Porges, E. C., Williamson, J. B. & Woods, A. J. Circulating cytokines predict 1H-proton MRS cerebral 

metabolites in healthy older adults. Front Aging Neurosci. Front. https://doi.org/10.3389/fnagi.2021.690923 (2021).
	71.	 Gilboa-Geffen, A., Hartmann, G. & Soreq, H. Stressing hematopoiesis and immunity: An acetylcholinesterase window into 

nervous and immune system interactions. Front. Mol. Neurosci. 5, 30 (2012).

Acknowledgements
This manuscript has been reviewed by WHICAP investigators for scientific content and consistency of data in-
terpretation with previous WHICAP Study publications. We acknowledge the WHICAP study participants and 
the WHICAP research and support staff for their contributions to this study. This study was supported by the 
Biomarkers Core Laboratory at the Irving Institute for Clinical and Translational Research, home to Columbia 
University’s Clinical and Translational Science Award Program hub.

Scientific Reports |         (2025) 15:2265 10| https://doi.org/10.1038/s41598-025-86309-z

www.nature.com/scientificreports/

https://doi.org/10.3389/fphys.2019.00984
https://doi.org/10.3389/fnagi.2021.690923
http://www.nature.com/scientificreports


Author contributions
A.T. and Y.G. designed and conceptualized the study and drafted the manuscript. A.T. analyzed the data. J.G., 
D.R.D., D.S., N.S., J.J.M., A.M.B., R.A.L., R.M., and Y.G. contributed to the acquisition of the data. Y.G. super-
vised the research project. All authors had access to the data, contributed to the interpretation of findings, and 
revised and approved the final manuscript.

Funding
Data collection and sharing for this project was supported by the Washington Heights-Inwood Columbia Aging 
Project (WHICAP, PO1AG007232, R01AG037212, RF1AG054023, AG059013, AG061008) funded by the Na-
tional Institute on Aging (NIA) and by the National Center for Advancing Translational Sciences, and National 
Institutes of Health, through Grant Number UL1TR001873.

Declarations

Competing interests
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at ​h​t​t​p​s​:​/​/​d​o​i​.​o​r​g​/​1​
0​.​1​0​3​8​/​s​4​1​5​9​8​-​0​2​5​-​8​6​3​0​9​-​z​​​​​.​​

Correspondence and requests for materials should be addressed to Y.G.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International License, which 
permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long as you give 
appropriate credit to the original author(s) and the source, provide a link to the Creative Commons licence, and 
indicate if changes were made. The images or other third party material in this article are included in the article’s 
Creative Commons licence, unless indicated otherwise in a credit line to the material. If material is not included 
in the article’s Creative Commons licence and your intended use is not permitted by statutory regulation or 
exceeds the permitted use, you will need to obtain permission directly from the copyright holder. To view a copy 
of this licence, visit http://creativecommons.org/licenses/by/4.0/.

© The Author(s) 2025 

Scientific Reports |         (2025) 15:2265 11| https://doi.org/10.1038/s41598-025-86309-z

www.nature.com/scientificreports/

https://doi.org/10.1038/s41598-025-86309-z
https://doi.org/10.1038/s41598-025-86309-z
http://creativecommons.org/licenses/by/4.0/
http://www.nature.com/scientificreports

	﻿Inflammatory biomarkers profiles and cognition among older adults
	﻿Methods
	﻿Study population
	﻿Inflammatory biomarkers quantification
	﻿Cognitive assessment

	﻿Covariates
	﻿Statistical analysis
	﻿Construction of inflammatory biomarker profiles
	﻿Demographic and clinical characteristics of the study population
	﻿Association between inflammatory biomarker profiles and cognition


	﻿Supplementary analysis
	﻿Results
	﻿Inflammatory profiles
	﻿Characteristics of the study population
	﻿Inflammatory biomarker profile and cognition
	﻿Sensitivity analyses
	﻿Other inflammatory biomarker profiles and cognition
	﻿Exploratory analyses on individual inflammatory biomarkers and cognition

	﻿Discussion
	﻿References


